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Abstract

Emotion-cause pair extraction (ECPE) aims at
extracting emotions and their causes simultaneously
from text. We propose a method based on fine-tuned
BERT model. At first, the BERT-based classification
model is used to not only extract the clauses with
emotions but also determine the emotion type of each
clause. After that, we convert the emotion clauses into
the forms of questions suitable for the BERT-based QA
model, which is then used to extract the cause clauses.
Our method achieves the F1-score of 68.26%, while
previous studies gets 61.28% and 65.50%, respectively.

Keywords: natural language understanding, emotion
classification, emotion-cause  pair
extraction, pre-trained language model.
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